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Users

User Name
Phone Number
Password
Email

Age

Gender

\

name:string[]
ID:int]]
passeordfloat[]
emailfloat[]
age:int[]
enum:charf{]

Administrator

Email
Password
Phone
Number
Age
Gender

nameuser:string
password float
Emailfloat
age:int
enum:char(]

Doctor

Patiert Name

Patiert Age

Gender

Medical Reports
Analysis Accuracy Rate

name:string[]
numberint(]
enum:charf]
email:float[]
age:int[]

Doctor’s Response

Accuracy Rate
username
Medical Condition
gender

confidince:float]]
nameuser:string
age:int
enum:char(]

IS Takae o(Y, ) Il
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Preliminary diagnosis

Patiert Name
Age

Gender

Medical Condition
Accuracy Rate

namedisis:string[]
IDimage:int(]
IDuser:int]]
diagroses:string[]

Database

Diagnosis

Medical Resporses

Users

name:string[]

status:string[]
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Cpeddiual)
g gy [l | gy ] il e
p23iuall (3 2 | Primary key | 8 string pa3iuall (5 2
axdiudll aud | Not NULL 50 string addiusall au)
s AWy, | Unique 50 varchar S Ay,
sl 48 | Unique 12 varchar sl 4llS
ailell A3, | Unique 12 int ailgll a8
o4all | Not NULL 10 string oeial)
el 7,5 | Not NULL 50 timestamp eVl 7 )18
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Jssuall (o y2e | Primary key | 8 string Jsimall (3 y2a
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1 yuydzdl
diagnosis: cataract, confidence:}
98.61907362937927, timestamp:

{2025-04-25T01:18:37.800556

sddl Ldasi @

2 yyya4ll
diagnosis: cataract, confidence:}
98.61907362937927, timestamp:

{2025-04-25T00:06:01.196977

diagnosis: cataract, confidence:}
79.58660125732422, timestamp:
{2025-04-24T723:18:44.428787

diagnosis: cataract, confidence:}
96.09173536300659, timestamp:
{2025-04-24T722:59:13.947723

O ) Aadin (£.09) ) Jda)
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sewsaal myopia

sd80]| ded
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uewsaal glaucoma

18]l dd
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mohammedtalha@gmail.com
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Js5un Masma

Mahmoud

Mahmoud11@gmail.com

d_,}..mﬂf&;ﬂ\m ;(h,z)g)dsa'ﬁ\

40

—
| —



'C}f’l‘ L)é:l}aﬁ! = LfL; Qﬁ,]:;g Q;Eﬁ\ ng:tllaJ‘nﬁi\ £ 1<) e‘:ﬁ&ﬁuatg Lj%jad\ &,{i}d]j ‘lja‘aj\ PRY CEJJQJﬁ
@ kaggle.com/code/mahmood2024/prin 2

52/53 0s 480ms/step - accuracy: 0.4155 - loss: 0.4824
Epoch 1: wal_accuracy improved from -inf to 0.83886. saving model to effnet_multi label
v2.keras

53/53 63s 707ms/step - accuracy: 0.4274 - loss: 0.4772 - wval_acc
uracy: D.8389 - val_loss: 0.1799 - learning rate: 1.0000e-04

Epoch 2/50

52/53 0s 287ms/step - accuracy: 0.7275 - loss: 0.18B15

Epoch 2: wal_accuracy improved from 0.83886 to 0.864%3, saving model to effnet_multi_ lab
el v2_ keras

53/53 18s 300ms/step - accuracy: 0.7982 - loss: 0.180% - wval_acc
uracy: 0.8649 - val loss: 0.1245 - learning rate: 1.0000e-04

Epoch 3/50

52/53 0s 2B2ms/step - accuracy: 0.8551 - loss: 0.1317

Epoch 3: val_accuracy improved from 0.86493 to 0.89100, saving model to effnet_multi_lab
el v2.keras

»B <0 +

L)
v

9 m

F

53/53 18s 300ms/step - accuracy: 0.8550 - loss: 0.1316 - wval_acc
uracy: 0.8910 - val loss: 0.1037 - learning_rate: 1.0000e-04

I Epoch 4/50
52/53 0Os 286ms/step - accuracy: 0.8497 - loss: 0.1156

Epoch 4: val _accuracy improved from 0.89100 to 0.90758. saving model to effnet_multi lab
el _v2.keras

53/53 18s 299ms/step - accuracy: 0.8500 - less: 0.1155 - wval_acc
uracy: 0.9076 - wval_loss: 0.0925 - learning rate: 1.0000e-04

Epoch 5/50

52/53 0s 2BOms/step - accuracy: 0.8549 - loss: 0.1051

Epoch 5: wal_accuracy did not improve from 0.90758

53/53 17s 2B4Ams/step - accuracy: 0.8551 - loss: 0.1050 - val_acc
uracy: 0.8981 - val_loss: 0.0870 - learning_rate: 1.0000e-04

Epoch &/50

53/53 Os 280ms/step - accuracy: 0.8888 - loss: 0.0957

Epoch 6: wal_accuracy improved from 0.90758 to 0.91469, saving model to effnet_multi_lab
el v2.keras

53/53 18s 298ms/step - accuracy: 0.8888 - loss: 0.0957 - wval_acc
uracy: 0.9147 - val_loss: 0.0806 - learning_rate: 1.0000e-04

Epoch 7/50

52/53 Os 278ms/step - accuracy: 0.8838 - loss: 0.0934

Epoch 7: wval_accuracy improved from 0.91469 to 0.91706, saving model to effnet_multi_lab
el_wv2.keras

53/53 18s 291ms/step - accuracy: 0.8838 - loss: 0.0934 - wval_acc
uracy: 0.9171 - val_loss: 0.0781 - learning_rate: 1.0000e-04

Epoch 8/50

52/53 Os 276ms/step - accuracy: 0.8939 - loss: 0.0917

Epoch B: wval_accuracy did not improve from 0.91706

53/53 17s 280ms/step - accuracy: 0.8937 - less: 0.0917 - wal_acc
uracy: 0.9123 - val_loss: 0.0764 - learning_rate: 1.0000e-04

Epoch 9/50

53/53 0s 276ms/step - accuracy: 0.8964 - loss: 0.0838

Epoch 9: wval_accuracy did not improve from 0.91706

53/53 17s 285ms/step - accuracy: 0.8963 - loss: 0.0839 - wal_acc

uracy: 0.9100 - val_loss: 0.0756 - learning rate: 1.0000e-04
Epoch 10/50

52/53 0s 27Bms/step - accuracy: 0.9001 - loss: 0.0819
Epoch 10: wval_accuracy did not improve from 0.91706
53/53 17s 282ms/step - accuracy: 0.8998 - loss: 0.0820 - wval_acc

uracy: 0.9100 - val_loss: 0.0722 - learning_rate: 1.0000e-04
Epoch 11/50

52/53 Os 276ms/step - accuracy: 0.8844 - loss: 0.0883
Epoch 11: val_accuracy did not improve from 0.91706
53/53 17s 2BIms/step - accuracy: 0.8846 - loss: 0.0881 - wval_acc

uracy: 0.9100 - val_loss: 0.0726 - learning_rate: 1.0000e-04
Epoch 12/50

52/53 0s 275ms/step - accuracy: 0.8954 - loss: 0.0812
Epoch 12: val_accuracy did not improve from 0.91706
53/53 178 279ms/step - accuracy: 0.8955 - loss: 0.0812 - wal_acc

uracy: 0.9052 - val_loss: 0.0693 - learning _rate: 1.0000e-04
Epoch 13/50

52/53 0s 2BIms/step - accuracy: 0.8885 - loss: 0.0843
Epoch 13: wval_accuracy did not improve from 0.91706
53/53 175 2B6ms/step - accuracy: 0.88BB9 - loss: 0.08B42 - wval_acc

uracy: 0.9028 - val_loss: 0.0684 - learning _rate: 1.0000e-04
Epoch 14/50

52/53 0s 28Ims/step - accuracy: 0.8897 - loss: 0.0871
Epoch 14: val _accuracy did not improve from 0.91706
53/53 17s 286ms/step - accuracy: 0.8903 - loss: 0.0868B - wal_acc

uracy: 0.9052 - val loss: 0.0672 - learning rate: 1.0000e-04
Epoch 15/50

52/53 0s 279ms/step - accuracy: 0.8866 - loss: 0.0775

Epoch 15: val_accuracy did not improve from 0.91706

53/53 17s 283ms/step - accuracy: 0.8869 - less: 0.0774 - wval_acc
uracy: 0.9028 - val loss: 0.0663 - learning rate: 1.0000e-04

Epoch 16/50

53/53 Os 27Ims/step - accuracy: 0.8880 - loss: 0.0828
Epoch 16: val_accuracy did not improve from 0.91706
£3/53 17s 2BOms/step - accuracy: 0.8882 - loss: 0.0827 - wal_acc

uracy: 0.9100 - val_loss: 0.0672 - learning rate: 1.0000e-04
Epoch 17/50

52/53 Os 278ms/step - accuracy: 0.8914 - loss: 0.0776 4
Epoch 17: wval_accuracy did not improve from 0.91706
53/53 17s 2B3ms/step - accuracy: 0.8918 - Ioss: 0.0775 - wval_acc

uracy: 0.8981 - val loss: 0.0665 - learning rate: 1.0000e-04
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el_vi.keras

53/53 18s 299ms/step - accuracy: 0.8500 - loss: 0.1155
uracy: 0.9076 - val_loss: 0.0925 - learning_rate: 1.0000e-04

Epoch 5/50

52/53 0s 280ms/step - accuracy: 0.8549 - loss: 0.105
Epoch 5: val_accuracy did not improve from 0.90758

53/53 17s 284ms/step - accuracy: 0.8551 - loss: 0.1050

uracy: 0.8981 - val_loss: 0.0870 - learning_rate: 1.0000e-04
Epoch 6/50
53/53 0s 280ms/step - accuracy: 0.8888 - loss: 0.0957

@ kaggle.com/code/mahmood2024/prin

-
-
L

val_acc

val_acc

Epoch 6: val_accuracy improved from 0.90758 to 0.91469, saving model to effnet_multi_lab

el_v2.keras

53/53 18s 298ms/step - accuracy: 0.8888 - loss: 0.0957
uracy: 0.9147 - val_loss: 0.0806 - learning_rate: 1.0000e-04

Epoch 7/50

52/53 0s 278ms/step - accuracy: 0.8838 - loss: 0.0934

val_acc

Epoch 7: val_accuracy improved from 0.91469 to 0.91706, saving model to effnet_multi_lab

el_v2.keras

53/53 18s 291ms/step - accuracy: 0.8838 - loss: 0.0934
uracy: 0.9171 - val_loss: 0.0781 - learning_rate: 1.0000e-04

Epoch 8/50

52/53 0s 276ms/step - accuracy: 0.8939 - loss: 0.0917
Epoch 8: val_accuracy did not improve from 0.91706
53/53 17s 280ms/step - accuracy: 0.8937 - loss: 0.0917

uracy: 0.9123 - val_loss: 0.0764 - learning_rate: 1.0000e-04
Epoch 9/50

53/53 0s 276ms/step - accuracy: 0.8964 - loss: 0.0838
Epoch 9: val_accuracy did not improve from 0.91706
53/53 17s 28Sms/step - accuracy: 0.8963 - loss: 0.0839

uracy: 0.9100 - val_loss: 0.0756 - learning_rate: 1.0000e-04
Epoch 10/50

52/53 0s 278ms/step - accuracy: 0.9001 - loss: 0.0819
Epoch 10: wval_accuracy did not improve from 0.91706
53/53 17s 282ms/step - accuracy: 0.8998 - loss: 0.0820

uracy: 0.9100 - val_less: 0.0722 - learning_rate: 1.0000e-04
Epoch 11/50

52/53 0s 276ms/step - accuracy: 0.8844 - loss: 0.0883
Epoch 11: wval_accuracy did not improve from 0.91706
53/53 17s 281ms/step - accuracy: 0.8846 - loss: 0.0881

uracy: 0.9100 - val_less: 0.0726 - learning_rate: 1.0000e-04
Epoch 12/50

52/53 0s 275ms/step - accuracy: 0.8954 - loss: 0.0812
Epoch 12: val_accuracy did not improve from 0.91706
53/53 17s 279ms/step - accuracy: 0.8955 - loss: 0.0812

uracy: 0.9052 - val_loss: 0.0693 - learning_rate: 1.0000e-04
Epoch 13/50

52/53 0s 281ms/step - accuracy: 0.8885 - loss: 0.0843
Epoch 13: val_accuracy did not improve from 0.91706
53/53 17s 286ms/step - accuracy: 0.8889 - loss: 0.0842

uracy: 0.9028 - val_loss: 0.0684 - learning_rate: 1.0000e-04
Epoch 14/50

52/53 0s 281ms/step - accuracy: 0.8897 - loss: 0.0871
Epoch 14: wval_accuracy did not improve from 0.91706
53/53 17s 286ms/step - accuracy: 0.8903 - loss: 0.0868

uracy: 0.9052 - val_loss: 0.0672 - learning_rate: 1.0000e-04
Epoch 15/50

52/53 0s 279ms/step - accuracy: 0.8866 - loss: 0.0775
Epoch 15: wval_accuracy did not improve from 0.91706
53/53 17s 283ms/step - accuracy: 0.8869 - loss: 0.0774

uracy: 0.9028 - val_loss: 0.0663 - learning_rate: 1.0000e-04
Epoch 16/50

53/53 0s 271ms/step - accuracy: 0.8880 - loss: 0.0828
Epoch 16: wval_accuracy did not improve from 0.91706
53/53 17s 28B0ms/step - accuracy: 0.8882 - loss: 0.0827

uracy: 0.9100 - val_loss: 0.0672 - learning_rate: 1.0000e-04
Epoch 17/50

52/53 0s 278ms/step - accuracy: 0.8914 - loss: 0.0776
Epoch 17: wval_accuracy did not improve from 0.91706
53/53 17s 283ms/step - accuracy: 0.8918 - loss: 0.0775

uracy: 0.8981 - val_loss: 0.0665 - learning_rate: 1.0000e-04

Epoch 17: early stopping

14/14 0s 35ms/step - accuracy: 0.8940 - loss: 0.0716
Loss: 0.06649550050497055

Accuracy: 0.8981042504310608

14/14 12s 476ms/step
precision recall fl-score support
cataract 0.93 0.84 0.89 102
diabetes 0.00 0.00 0.00 0
glaucoma 0.85 0.94 0.89 156
hypertension 0.00 0.00 0.00 0
myopia 0.97 0.92 0.94 168
amd 0.00 0.00 0.00 o
others 0.00 0.00 0.00 0
micro avg 0.92 0.91 0.91 426
macro avg 0.39 0.39 0.39 426
weighted avg 0.92 0.91 0.91 426
samples avg 0.89 0.91 0.90 426

> ]

val_acc
val_acc
val_acc
val_acc
val_acc
wval_acc
val_acc
val_acc
val_acc
val_acc

val_acc
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133501 /& /213010, 181501 SPELL SHdpE={ ), ULYpPE=-LI .1 230Ul L, HallE-noie )
133501747218912: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747228944: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747226656: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747230000: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747225072: ), dtyp f.resource, nam one)
133501747227888: ), dtype=tf.resource, name=None)
133501747228064 : ), dtype=tf.resource, name=None)
133501747316864 : ), dtyps f.resource, nam one )
133501747315984: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747318624: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747318272: ), dtype=tf.resource, name=None)
133501747329008: ), dtyp f.resource, nam one)
133501747325664 ), dtype=tf.resource, name=None)
133501747326720: ), dtype=tf.resource, name=None)
133501747327072: ), dtyp f.resource, nam one )
133501747324960: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747415520: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747417808: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747413408: TensorSpec(shap ). dtyp f.resource, nam one)
133501747416752: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747427488: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747425200: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747428544: TensorSpec(shap ). dtyp: f.resource, nam one)
133501747423616: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747426432: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747426608: TensorSpec(shap ), dtyp f.resource, nam one)
133501747547648: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747549936: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747546064 (), dtype=tf.resource, name=None)
133501747548880: ). dtyps f.resource, nam one )
133501747556976: ), dtype=tf.resource, name=None)
133501747556096: ), dtype=tf.resource, name=None)
133501747555568: ), dtyp f.resource, nam one)
133501747558560: ), dtype=tf.resource, name=None)
133501747558384: ). dtype=tf.resource, name=None)
133501747630448: ). dtype=tf.resource, name=None)
133501747632736: TensorSpec(shap ). dtyps f.resource, nam one )
133501747627456: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747631680: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747639072: ), dtype=tf.resource, name=None)
133501747638896: ). dtyp f.resource, nam one)
133501747639424: ), dtype=tf.resource, name=None)
133501747641008: ). dtype=tf.resource, name=None)
133501747641712: ). dtyps f.resource, nam one )
133501747699328: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747697040: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747692640: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747695456: TensorSpec(shap ), dtyp f.resource, nam one )
133501747698272: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747706368: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501747705488: TensorSpec(shap ). dtyps f.resource, nam one)
133501747705136: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501745730608: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501745734128: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501745731840: TensorSpec(shap ), dtyp f.resource, nam one )
133501745735184: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501745728848: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501745733072 ). dtyps f.resource, nam one )
133501745740288: ), dtype=tf.resource, name=None)
133501745738000: ), dtype=tf.resource, name=None)
133501745741344: ), dtype=tf.resource, name=None)
133501745736416: ), dtyp f.resource, nam one)
133501745739232: TensorSpec(shape=(), dtype=tf.resource, name=None)
133501745835952: TensorSpec(shape=(), f.resource, name=None)
133501745837008: TensorSpec(shap i .resource, nam lone )
133501746321312: TensorSpec(shap ). .resource, nam jone
133501746322192: TensorSpec(shape=(), dtype=tf.resource, name=None)
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{diagnosis: glaucoma, confidence:
95.05677223205566, timestamp:
2025-04-24T703:30:53.624561}

@ il oy @ susidl Lasi

2 4584

{diagnosis: glaucoma, confidence:
87.79067993164062, timestamp:
2025-04-24T03:30:42.048692}

@ sadl Julasi

3 yusadl

{diagnosis: Cataract, confidence:
98.49342107772827, timestamp:
2025-04-24T03:30:13.727646}

{diagnosis: myopia, confidence:
76.54281258583069, timestamp:
2025-04-23T21:53:00.489092}
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(interpre
input = _processImage(image);
outpu
output = List.filled(1 * outputSize

interpreter.run(input, output);

L results ults(outputlo]

= pesults['diagn 1:
bl

(
\

3

61
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) .reshape([

£ 2020. il L

[¥] : |App Storel. das,l
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L2022 ¢l A
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, outputSize]);
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